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FEAYo]A (Hallucination)

C.

B. AHIAE (Context)

A. EZ(Token)
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C. 22X (Claude)

B. Mt (Gamma)

A. Fl=4Y (Midjourney)
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KNN(K-Nearest Neighbors)® A3 3]7(Linear Regression)
: K=Means
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I KNN &5 (Classification) Z3t= |

KNN Classification

True: 4 True: 4
Pred: 4 Pred: 4
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I M8 3| (Linear Regression) ZIE |

Linear Regression Predictions

True: 8 True: 5 True: 7 True: 4 True: 4
Pred: 8.0 Pred: 5.0 Pred: 7.0 Pred: 4.0 Pred: 4.0

True: 3 True: 2 True: 8 True: 1 True: 0
Pred: 3.0 Pred: 2.0 Pred: 8.0 Pred: 0.0 Pred: 0.0

True: 1 True: 3 True: 7 True: 3 True: 9
Pred: 1.0 Pred: 3.0 Pred: 7.0 Pred: 3.0 Pred: 9.0

True: 0 True: 7 True: 7 True: 1 True: 3
Pred: -0.0 Pred: 7.0 Pred: 7.0 Pred: 1.0 Pred: 3.0
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